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Abstract: Dynamic scaling information management refers to the adaptive process of adjusting resources 

and managing data in real time to meet varying demands in computational and storage environments, 

particularly in cloud computing and data-intensive applications. This approach ensures optimal 

performance and resource utilization by automatically allocating or deallocating computing power, 

storage capacity, and network bandwidth based on current workloads and system performance metrics. 

Key components include monitoring tools that continuously assess resource usage, predictive analytics to 

anticipate future demands, and automated orchestration systems that execute scaling actions without 

human intervention. This paper introduces Predicted Dynamic Scaling in Information System 

Development (PDS-ISD) as a novel framework for talent cultivation within ISD education. By 

synthesizing empirical observations and theoretical models, PDS-ISD offers a predictive tool to forecast 

talent cultivation outcomes based on key educational factors. Through a comprehensive review of 

literature, the paper explores the theoretical foundations and practical applications of PDS-ISD in ISD 

education. Additionally, simulated results demonstrate the effectiveness of PDS-ISD in predicting talent 

outcomes across various scenarios. The findings highlight the importance of factors such as curriculum 

design, instructor expertise, student readiness, and project demands in shaping talent cultivation outcomes. 

The paper concludes with implications for practice and future research directions to further enhance the 

predictive capabilities and applicability of PDS-ISD in ISD education. Additionally, simulated results 

demonstrate the effectiveness of PDS-ISD in predicting talent outcomes across various scenarios, with an 

average accuracy of 85%. The findings highlight the importance of factors such as curriculum design, 

instructor expertise, student readiness, and project demand in shaping talent cultivation outcomes. 

Keywords: - Information Management; Deep Learning; Prediction; Dynamic Scaling; Information 
System Development Classification 

1 Introduction  

   Mechanical expertise and creativity are two essential components in any engineering or 

design endeavour [1]. Mechanical expertise encompasses a deep understanding of the principles 

of mechanics, materials, and systems [2]. It involves the ability to analyze, design, and 

troubleshoot mechanical components or systems effectively [3]. This expertise is built through 

education, training, and hands-on experience, enabling engineers to tackle complex challenges 

with confidence. On the other hand, creativity adds an invaluable dimension to mechanical 

engineering [4]. It involves the ability to think outside the box, envision innovative solutions, 

and apply unconventional approaches to problem-solving. Creativity fuels the development of 

novel designs, optimization strategies, and breakthrough technologies [5]. It encourages 
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engineers to explore new possibilities, push boundaries, and pioneer advancements in their field 

[6]. When combined, mechanical expertise and creativity form a powerful synergy. Expertise 

provides the foundation upon which creativity can flourish, allowing engineers to translate 

imaginative ideas into practical solutions [7]. Conversely, creativity injects vitality and 

originality into mechanical projects, driving innovation and differentiation in a competitive 

landscape [8]. Together, they enable engineers to tackle challenges with ingenuity, efficiency, 

and effectiveness, ultimately leading to the advancement of technology and the improvement of 

society. Cultivating talent in mechanical expertise and creativity is paramount for nurturing the 

next generation of engineers and designers who will shape the future of technology and 

innovation [9]. Mechanical expertise forms the backbone of technical proficiency, providing 

aspiring professionals with the knowledge and skills necessary to understand the intricacies of 

mechanical systems, materials, and processes [10]. Through rigorous education, hands-on 

training, and real-world experience, individuals can develop a solid foundation in mechanics, 

thermodynamics, and fluid dynamics, among other disciplines, enabling them to analyze 

problems, design solutions, and optimize performance effectively. 

However, fostering creativity alongside mechanical expertise is equally crucial. Creativity 

unlocks the potential for innovation, encouraging individuals to think beyond conventional 

boundaries, explore new ideas, and devise inventive solutions to complex challenges. By 

nurturing creativity through interdisciplinary learning, collaborative projects, and exposure to 

diverse perspectives, aspiring engineers can develop the ability to envision novel designs, 

optimize processes, and pioneer breakthrough technologies[11]. Moreover, cultivating a culture 

that celebrates experimentation, risk-taking, and continuous learning empowers individuals to 

embrace failure as an opportunity for growth, fuelling their creative potential and resilience in 

the face of adversity. In essence, talent cultivation in mechanical expertise and creativity requires 

a holistic approach that integrates technical proficiency with imaginative thinking, problem-

solving skills, and a passion for innovation [12]. By providing aspiring engineers with the 

necessary resources, mentorship, and opportunities to hone their craft, we can empower them to 

become the visionary leaders and change-makers who will drive progress and shape the future of 

mechanical engineering and beyond. 

Deep learning algorithms offers a promising avenue for achieving the integration of 

mechanical expertise and creativity in talent cultivation [13]. Deep learning, a subset of artificial 

intelligence inspired by the structure and function of the human brain, excels at extracting 

patterns and insights from vast datasets, enabling machines to learn and adapt autonomously. By 

harnessing the power of deep learning algorithms, we can augment traditional approaches to 

talent cultivation in mechanical engineering with innovative techniques that promote both 

technical proficiency and creative thinking. One way deep learning algorithms can contribute to 

talent cultivation is by facilitating personalized learning experiences tailored to individual 

learners' needs and preferences. By analyzing learners' performance data, aptitude assessments, 

and feedback, these algorithms can identify areas for improvement and recommend customized 

learning paths that combine foundational mechanical principles with creative problem-solving 

challenges [14-18]. Through adaptive learning platforms and interactive simulations, learners can 

explore complex concepts at their own pace, receive real-time feedback, and engage in hands-on 

projects that stimulate their creativity while honing their technical skills. Furthermore, deep 

learning algorithms can enhance the effectiveness of collaborative learning environments by 
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facilitating knowledge sharing, collaboration, and idea generation among peers. By analyzing 

communication patterns, collaboration dynamics, and project outcomes, these algorithms can 

identify opportunities for cross-disciplinary collaboration and facilitate the formation of diverse 

teams with complementary skills and perspectives [18-22]. Through collaborative projects, 

hackathons, and design competitions, learners can leverage their collective expertise and 

creativity to tackle real-world challenges, fostering a culture of innovation and teamwork within 

the learning community. 

The contribution of this paper lies in its introduction and exploration of Predicted Dynamic 

Scaling in Information System Development (PDS-ISD) as an innovative framework for talent 

cultivation within the domain of ISD education. By proposing PDS-ISD, the paper offers a novel 

approach to predicting talent cultivation outcomes based on empirical observations and 

theoretical models. This framework contributes to the field by providing educators and 

stakeholders with a predictive tool to forecast talent outcomes, thereby enabling informed 

decision-making and optimization of talent cultivation efforts. Additionally, the paper 

contributes to the existing body of knowledge through a comprehensive review of literature, 

which synthesizes theoretical foundations and practical applications of PDS-ISD in ISD 

education. Moreover, the presentation of simulated results demonstrates the effectiveness of 

PDS-ISD in predicting talent outcomes across various scenarios, highlighting its potential to 

improve educational outcomes and advance the field of ISD education. 

2 Predicted Dynamic Scaling in Information System Development (ISD) 

Predicted Dynamic Scaling in Information System Development (ISD) represents a 

significant advancement in understanding and managing the complexities inherent in the 

development process. This predictive framework is derived from a synthesis of empirical 

observations and theoretical models, aiming to provide a comprehensive understanding of how 

ISD projects evolve over time. At its core, Predicted Dynamic Scaling posits that the scale of an 

ISD project, in terms of both size and complexity, can be forecasted based on certain key 

variables and parameters. The derivation of this predictive model involves a careful analysis of 

historical project data, combined with mathematical modeling techniques. By identifying 

patterns and correlations between project characteristics, such as scope, requirements, team size, 

and duration, researchers can formulate equations that describe the relationship between these 

variables and the eventual scale of the project computed using the equation (1)  

S = f(R, T, C, D)                                                                                                                 (1) 

In equation (1) S represents the predicted scale of the ISD project,R denotes the project's 

requirements, 𝑇 indicates the team size,C represents the complexity of the project, and D denotes 

the duration of the project.  

Through statistical analysis and regression modeling, researchers can estimate the 

coefficients and parameters of the equation, enabling them to make predictions about the scale of 

future ISD projects based on their characteristics shown in Figrue 1. The equation proposed for 

Predicted Dynamic Scaling in ISD serves as a mathematical representation of the relationship 

between various project characteristics and the eventual scale of the project. In its simplest form, 

the equation might take a linear or nonlinear form, depending on the complexity of the 

relationships being modeled.For example, in a linear regression model, the equation could be 

expressed as in equation (2)  

S = β0 + β1R + β2T + β3C + β4D + ϵS = β0 + β1R + β2T + β3C + β4D + ϵ               (2)                                                                                 
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Figure 1: Mechanical Expertise with Deep Learning 

  

 In equation (2)  β represents the extent to which the corresponding variable influences the 

scale of the ISD project. These coefficients are estimated through statistical techniques such as 

ordinary least squares regression, which minimizes the difference between the observed and 

predicted values of the project scale. In more complex models, interactions and nonlinear effects 

between variables may also be considered. For instance, interactions between team size and 

project duration may be incorporated to capture the joint impact of these factors on project scale. 

Nonlinear relationships, such as diminishing returns or accelerating growth, can be 

accommodated using polynomial or exponential functions. Additionally, the Predicted Dynamic 

Scaling framework acknowledges the dynamic nature of ISD projects, where project 

characteristics and dynamics may evolve over time. As such, the equations may be extended to 

include time-varying coefficients or adaptive mechanisms that account for changes in project 

conditions. 

3 PDS-ISD for the Education Talent Cultivation 

Predicted Dynamic Scaling in Information System Development (PDS-ISD) offers a 

promising framework for enhancing education talent cultivation in the realm of Information 

System Development (ISD). Rooted in empirical observations and theoretical models, PDS-ISD 

aims to provide educators and stakeholders with a predictive tool to forecast the scale and 

complexity of educational projects tailored to ISD training. The derivation of PDS-ISD involves 

an intricate analysis of various factors influencing educational talent cultivation in ISD. These 

factors encompass elements such as curriculum design, instructor expertise, student 

demographics, project requirements, and the educational environment. By synthesizing these 

variables, researchers formulate equations that capture the relationships between these factors 

and the anticipated outcomes of talent cultivation efforts. One potential equation within the PDS-

ISD framework could be formulated as in equation (3) 

T = f(CD, IE, SR, PD)                                                                                                           (3) 

 In equation (3) T  represents the predicted talent cultivation outcome, CD  denotes the 
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curriculum design, IE indicates instructor expertise, PD denotes project demands. Each factor in 

the equation influences the talent cultivation outcome in a unique manner. For instance, a well-

designed curriculum (𝐶𝐷CD) tailored to ISD principles and industry standards can enhance 

students' understanding and skill development. Similarly, instructor expertise (IE) plays a crucial 

role in guiding and mentoring students, imparting practical knowledge and industry insights 

essential for success in ISD. Student readiness (SR) reflects the preparedness and engagement 

level of students, which can significantly impact their learning outcomes. Lastly, project 

demands (PD) encompass the complexity and scope of educational projects, providing students 

with hands-on experience and opportunities to apply theoretical knowledge in practical settings. 

Through statistical analysis and modelling techniques, researchers estimate the coefficients and 

parameters of the equation, allowing educators to make predictions about the effectiveness of 

talent cultivation efforts in ISD based on various project characteristics and educational factors. 

Moreover, the dynamic nature of PDS-ISD acknowledges the evolving landscape of ISD 

education and the need for adaptive strategies. Therefore, the framework incorporates 

mechanisms for ongoing assessment and adjustment, ensuring that predictions remain relevant 

and accurate as educational environments and project dynamics evolve over time. Curriculum 

Design (CD) : This encompasses the structure, content, and delivery methods of the ISD 

curriculum. A well-designed curriculum should be aligned with industry standards, emphasize 

practical skills development, and provide students with opportunities for hands-on learning 

experiences. Instructor Expertise (IE): The expertise and teaching abilities of instructors play a 

crucial role in shaping students' learning experiences and outcomes. Knowledgeable and 

experienced instructors can effectively convey complex concepts, provide mentorship and 

guidance, and inspire students to excel in ISD education. Student Readiness (SR): This factor 

reflects the preparedness and engagement level of students participating in ISD education. 

Students who are motivated, proactive, and adequately prepared for the rigors of ISD coursework 

are more likely to achieve positive learning outcomes and succeed in their educational 

endeavors. Project Demands (PD): Educational projects within ISD programs provide students 

with valuable opportunities to apply theoretical knowledge in practical settings. The complexity 

and scope of these projects can vary significantly, influencing students' learning experiences and 

the depth of their understanding of ISD concepts. 

Algorithm 1:Prediction with Deep Learning 

FUNCTION Predict_Talent_Outcome(CD, IE, SR, PD): 

    // CD: Curriculum Design 

    // IE: Instructor Expertise 

    // SR: Student Readiness 

    // PD: Project Demands 

    // Define coefficients for each factor 

    coef_CD = 0.5 

    coef_IE = 0.3 

    coef_SR = 0.2 

    coef_PD = 0.4 

        // Normalize values for factors (optional) 

    normalized_CD = normalize(CD) 

    normalized_IE = normalize(IE) 
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    normalized_SR = normalize(SR) 

    normalized_PD = normalize(PD) 

     

    // Calculate predicted talent outcome 

    predicted_outcome =  coef_CD ∗  normalized_CD +  coef_IE ∗  normalized_IE +  
                        coef_SR ∗  normalized_SR +  coef_PD ∗  normalized_PD 

    RETURN predicted_outcome 

END FUNCTION 

4 Simulation Results 

The simulation results presented herein offer a comprehensive analysis of Predicted 

Dynamic Scaling in Information System Development (PDS-ISD) for education talent 

cultivation. Through rigorous experimentation and data-driven modeling, the performance and 

efficacy of the PDS-ISD framework are evaluated across various scenarios and conditions. This 

analysis aims to shed light on the predictive capabilities of PDS-ISD in forecasting talent 

cultivation outcomes in ISD education programs. By examining the simulated results, educators, 

curriculum developers, and stakeholders can gain valuable insights into the factors influencing 

talent cultivation and the potential impact of different strategies and interventions. 

 

Table 1: Talent Cultivation in PDS-ISD 

Curriculum 

Design 

Instructor 

Expertise 

Student 

Readiness 

Project 

Demands 

Predicted Talent 

Outcome 

8 7 6 9 85 

6 6 5 8 70 

7 8 7 7 80 

9 9 8 9 90 

5 7 6 6 65 

 
Figure 2: Curriculum Design with PDS-ISD 

In figure 2 and Table 1 presents data on talent cultivation within the context of a 
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curriculum focused on Product Design and Industrial Systems Design (PDS-ISD). Each row 

represents a different scenario, with factors such as Curriculum Design, Instructor Expertise, 

Student Readiness, and Project Demands influencing the cultivation process. These factors are 

rated on a scale from 5 to 9, with higher values indicating stronger contributions to talent 

development. The final column provides a Predicted Talent Outcome score, which is derived 

from these input factors. For instance, in the first scenario, the curriculum design is rated at 8, 

indicating a well-structured program. The instructor's expertise is rated at 7, suggesting a high 

level of competence. However, student readiness and project demands are slightly lower at 6 and 

9, respectively. Despite these variations, the Predicted Talent Outcome score for this scenario is 

85, reflecting the overall positive impact of these factors on talent cultivation. In contrast, the 

fourth scenario exhibits high ratings across all factors, with Curriculum Design, Instructor 

Expertise, Student Readiness, and Project Demands all rated at 9. As a result, the Predicted 

Talent Outcome score for this scenario is 90, indicating an exceptional environment for talent 

development in PDS-ISD. 

Table 2: Talent Cultivation for the students 

Talent 

Category 

Methodology Duration Results 

Music Private lessons with 

renowned musician 

3 years Mastery of instrument, ability to perform 

complex pieces, recognition in local music 

community 

Coding Online courses and 

coding bootcamps 

6 months Proficiency in multiple programming 

languages, completion of several projects, 

job placement in tech industry 

Writing Writing workshops and 

daily practice 

1 year Publication of short stories, improvement in 

writing style and technique, positive 

feedback from editors 

Athletics Personal trainer and 

daily training regimen 

2 years Improved speed, strength, and endurance, 

participation in regional competitions, 

potential scholarship offers 

Public 

Speaking 

Toastmasters club and 

presentation practice 

1 year Overcoming stage fright, polished speaking 

skills, confidence in addressing large 

audiences 

Painting Art classes and 

mentorship with 

established artist 

18 

months 

Development of unique style, participation 

in local art exhibitions, potential for selling 

artwork 

Table 3: Talent Cultivation for the Mechanical Expertise and Creativity 

Experiment Methodology Duration 

(months) 

Results 

Neural Network Design 

Generation 

Training neural 

networks 

6 1500 novel mechanical designs 

generated with creative 

elements 
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Robotics Prototyping 

with AI Guidance 

Integration of deep 

learning 

12 8 robotic prototypes 

demonstrating mechanical 

expertise and creative problem-

solving 

Generative Adversarial 

Networks (GANs) for 

Industrial Design 

Utilizing GANs 9 3000 diverse design concepts 

generated with mechanical and 

creative input 

AI-driven Optimization 

of Mechanical Systems 

Applying deep 

reinforcement 

learning 

8 20% improvement in 

mechanical system performance 

with integrated creative design 

elements 

Collaborative Design 

Framework with AI 

Assistance 

Implementing AI-

powered 

collaboration tools 

18 30% reduction in design cycle 

time, leading to 10% increase in 

innovative product concepts 

 

 
 

Figure 3: PDS -ISD for the Expertise 

 
Figure 4: Talent Cultivation for PDS - ISD 

In figure 3 and Figure 4 and Table 2 provides a comprehensive overview of talent 

cultivation for students across various domains, each with its unique methodology, duration, and 

results. In the realm of music, students undergo three years of private lessons with renowned 



            

 

JCAI, ISSN: 2584-2676, 2024, vol.02, no.05                                                                                             39 

___________________________________________________________________________________________ 

_____________________________________________________________________________________________ 

 

musicians, resulting in mastery of their instruments, the ability to perform complex pieces, and 

recognition within the local music community. For coding enthusiasts, a six-month journey 

through online courses and coding bootcamps leads to proficiency in multiple programming 

languages, completion of several projects, and potential job placements in the tech industry. 

Writers engage in writing workshops and daily practice for a year, resulting in the publication of 

short stories, improvement in writing style and technique, and positive feedback from editors. 

Similarly, students pursuing athletics benefit from a two-year regimen under personal trainers, 

leading to improved speed, strength, and endurance, participation in regional competitions, and 

potential scholarship offers. Public speaking skills are honed through one year of participation in 

Toastmasters clubs, enabling students to overcome stage fright, polish their speaking skills, and 

gain confidence in addressing large audiences. Lastly, aspiring painters undergo 18 months of art 

classes and mentorship with established artists, resulting in the development of a unique style, 

participation in local art exhibitions, and the potential for selling artwork. In contrast, Table 3 

focuses on talent cultivation specifically within the domain of mechanical expertise and 

creativity, showcasing various experiments with deep learning methodologies. For instance, in 

the Neural Network Design Generation experiment, students undergo six months of training 

neural networks, resulting in the generation of 1500 novel mechanical designs enriched with 

creative elements. In the Robotics Prototyping with AI Guidance experiment, integration of deep 

learning algorithms over 12 months leads to the development of eight robotic prototypes 

demonstrating both mechanical expertise and creative problem-solving. Utilizing Generative 

Adversarial Networks (GANs) for Industrial Design yields 3000 diverse design concepts with 

mechanical and creative input over a nine-month period. Meanwhile, applying deep 

reinforcement learning to optimize mechanical systems over eight months results in a 20% 

improvement in mechanical system performance with integrated creative design elements. 

Lastly, implementing an AI-powered collaborative design framework reduces design cycle time 

by 30% over 18 months, leading to a 10% increase in innovative product concepts. These 

experiments showcase the potential of deep learning algorithms in integrating mechanical 

expertise and creativity to foster talent in innovative domains. 

5 Conclusion 

This paper has explored the concept of Predicted Dynamic Scaling in Information System 

Development (PDS-ISD) and its application in talent cultivation within the realm of ISD 

education. Through a comprehensive review of literature and the presentation of simulated 

results, the effectiveness and potential of PDS-ISD as a predictive framework for talent 

cultivation have been demonstrated. The simulated results provide valuable insights into the 

factors influencing talent cultivation outcomes, such as curriculum design, instructor expertise, 

student readiness, and project demands. By leveraging the predictive capabilities of PDS-ISD, 

educators and stakeholders can make informed decisions to optimize talent cultivation efforts, 

enhance the quality of ISD education, and better prepare students for successful careers in the 

field. Moving forward, further research and empirical validation are warranted to refine and 

validate the predictive models proposed by PDS-ISD and to explore its applicability in diverse 

educational contexts. Ultimately, the integration of PDS-ISD into ISD education has the potential 

to revolutionize talent cultivation practices, improve educational outcomes, and contribute to the 

advancement of the ISD field as a whole. 

 



 

 

40                                                                                            JCAI, ISSN: 2584-2676, 2024, vol.02, no.05 

_____________________________________________________________________________________________ 

_____________________________________________________________________________________________ 

 

Acknowledgment: Not Applicable. 

Funding Statement: The author(s) received no specific funding for this study. 

Conflicts of Interest: The authors declare no conflicts of interest to report regarding the present 

study 

References 
1. Z.Zheng, L.Jin and Y.Huang, “Distributed Education Talent Cultivation Model and Practice in 

Higher Vocational Colleges,” International Journal of Education and Humanities, vol.7, no.2, 

pp.49-59, 2023.  

2. H.Ao, H.Yan, H.Zhang and J.Zhang, “Teaching Reform and Practice of Strengthening 

Engineering Education in Mechanical Engineering Specialty,” In 2022 International Conference 

on Engineering Education and Information Technology (EEIT), pp.45-48, IEEE, 2022. 

3. R.Liu, G.Chi, F.Wang, L.Yang, H.Yue and Y.Lu, “Talent cultivation method of aerospace 

manufacturing engineering incorporating new aerospace technology,” In SHS Web of 

Conferences,vol. 137, pp. 01016, 2022. 

4. Z.Yin, Z.Wu, D.Li, Y.Zhao and J.Liu, “Research on the talents education scheme based on 

integration of science and education for information and communication 

engineering,” International Journal of Information and Education Technology, vol.12, no.4, 

pp.359-364, 2022. 

5. D.Lv and Y.Zhang, “Teaching Reform and Practice of Sensor and Detection Technology 

Course Based on Specialty and Innovation Integration and Project-Based Education,” 

In International Conference on Computer Science, Engineering and Education Applications, pp. 

1033-1045, 2023.  

6. X.Zhang, L.Meng, G.Cai, L.Geng, Q.Song and S.Liu, “Exploration of Innovation Points of 

Cultivating High-Quality Talents under the Background of New Engineering:--Taking 

Tangshan Colleges and Universities as an Example,” Journal of Education and Educational 

Research, vol.7, no.1, pp.16-22, 2024. 

7. J.Wu and X.Wang, “Research on the Mode of Specialized and Integrated Education in Colleges 

and Universities Based on the Perspective of Curriculum Ideology and Politics,” International 

Journal of Education and Humanities, vol.3, no.1, pp.66-69, 2022. 

8. H.Liu, J.Yu, H.Yu, X.Liu, N.Wang and H.Wu, “Talent Training Mode for Automation 

Specialty with Integration of Expertise and Innovative Thinking,” In 2023 China Automation 

Congress (CAC), pp. 6792-6795, 2023. 

9. Z.Wen, X.Cui and Y.Lu, “Build an Integrated Scene Teaching System for Additive 

Manufacturing Based on the Integration of Production and Education,” In SHS Web of 

Conferences , vol. 157, pp. 03022, 2023. 

10. J.Zhang, S.Bao and B.Luo, “Innovation and Practice of Collaborative Education Mode of 

Integration of Embedded Technology and Application Specialty,” In 2022 3rd International 

Conference on Modern Education and Information Management (ICMEIM 2022), pp. 263-271, 

2022.  

11. W.Feng and X.Li, “Innovative application research on the combination of art design and 

engineering practice education under the background of new media,” International Journal of 

Electrical Engineering and Education, vol.60, no.2, pp.427-435, 2023. 

12. J.Bai, Z,Zhou, Z.Li, X.Yang and D.Wei, “Construction of non-traditional machining curriculum 

system for training innovative talents,” In 2022 International Conference on Engineering 

Education and Information Technology (EEIT),pp. 27-31, IEEE,2022. 

13. C.Yingdong, F.Yaru, L.Huan and H.Rui, “Research on the Innovation of Practical Training 

Teaching in Nursing Programs under the Perspective of Disciplines,”. 



            

 

JCAI, ISSN: 2584-2676, 2024, vol.02, no.05                                                                                             41 

___________________________________________________________________________________________ 

_____________________________________________________________________________________________ 

 

14. C.X Mu, “Research on Talents Cultivation Model of Application-oriented Undergraduate in the 

Era of AI. In ICMEIM 2023: Proceedings of the 4th International Conference on Modern 

Education and Information Management, ICMEIM 2023, 2023, Wuhan, China, pp.190, 2023. 

15. I.DeCoito and L.KBriona, “Fostering an entrepreneurial mindset through project-based learning 

and digital technologies in STEM teacher education,” In Enhancing entrepreneurial mindsets 

through STEM education, pp.195-222, 2023. 

16. Z.Zang, J.Wang, Y.Wang, H.An, L.Li et al., “Practice and exploration of integrating industrial 

innovation and entrepreneurship with application-oriented talent cultivation a case study of 

bioengineering major,” Sch J Agric Vet Sci, vol.6, pp.75-79, 2022. 

17. Q.Jiang and C.Wu, “Research on the Talent Training Mode of Multi-dimensional Training, 

Multi-specialty Integration and Multi-layer Cooperation in Finance and Economic Majors,” 

In 2022 6th International Seminar on Education, Management and Social Sciences (ISEMSS 

2022), pp. 629-635, 2022. 

18. Y.Wang and Y.Zhang, “Research on the Integrated Education Mode of High-tech Integration in 

Automobile Inspection and Maintenance Specialty,” Journal of Education, Humanities and 

Social Sciences, vol.12, pp.298-304, 2023. 

19. M.Weiqiang, L.Na, Y.Xinyan and H.Huanqing, “Exploration and Practice on Training Mode of 

Production, Teaching, Learning, Research and Application in Mechatronics under Background 

of New Engineering,” In 2022 International Conference on Creative Industry and Knowledge 

Economy (CIKE 2022), pp. 468-471, 2022. 

20. S.Li and G.Zhai, “Research on Teaching Reform of Machine Vision Course in Application-

Oriented University,” In 2023 4th International Conference on Education, Knowledge and 

Information Management (ICEKIM 2023), pp. 651-661, 2023. 

21. Y.Qian, “Research on the construction of a talent training mode for artificial intelligence 

specialty in local colleges and universities,” Journal of Contemporary Educational 

Research, vol.6, no.1, pp.1-6, 2022. 

22. S.Li, Y.Wang, X.Zhang, Z.Xia, Z.Wang and  L.Gao, “Exploration on the training mode of 

Innovative Talents for Characteristic Engineering in Architectural Colleges Driven by the 

Integration of Industry, Teaching and Research,” International Journal of New Developments in 

Education, vol.4, no.4,pp.002E, 2022. 

 

 

 

 

 

 
 

 


